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Abstract

State the problem, the approach and the headline result in five or six sentences. A reader should be able to decide from this
paragraph alone whether the rest of the report is relevant to them. Quantify the main claim where you can, and say what is
new compared with prior work. Placeholder text: replace it with your own.
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1 Introduction

Open with the motivation and the gap in current understand-
ing. Cite prior work in brackets [1, 2] or in running text, as
Brown et al. [3] do. State the research question precisely,
and say why existing approaches do not answer it.

Our contributions are as follows:

¢ the first contribution, stated as a testable claim;
* the second contribution, ideally with a number attached;
* areleased artefact (code, data or model), if there is one.

2 Related Work

Summarise what the reader needs to know and position your
work against it. Group related work by theme rather than
by paper, and end each group by saying how your approach
differs. Cross-reference with \cref, which names the target
for you: Figure 1, Section 3, Table 1, Equation (1) and
Algorithm 1.

3 Method

Describe the approach in enough detail to be reproduced.
Equations are numbered and set in the Times-compatible
maths font:

RS )
L(6) = —N;Iogpa(yi EORY T ERNC

Definition 1. Definitions, theorems and proofs use the
same restrained style: a bold sans-serif run-in heading, with
upright text for definitions and italic text for results.

Theorem 1. State the result precisely, with all assumptions.

Proof. Give the argument, or point to Appendix A. O
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Algorithm 1 Placeholder training procedure

Input: dataset D, initial parameters 6, learning rate n
Output: trained parameters 61

1 fort=0,...,T-1do

2 sample a mini-batch B ~ D

3 0141 — 0, = VeL(6;; B)

4 if r mod k£ = 0 then

5 evaluate on the validation set

6 return 07

3.1 Implementation details

Configuration and code can be shown with the listing style:

# placeholder example
def train(model, data, epochs=3):
for _ in range(epochs):
loss = model.step(data)
return model

Hyper-parameters. Run-in paragraph headings suit short,
parallel details such as optimiser, learning rate and batch
size.

4 Experiments

Report the setup, then the results. Keep tables light: a
heavy top and bottom rule, a single rule under the header,
and numbers aligned to the right.

Key finding. Use this box sparingly, for the single result you most
want a skimming reader to remember.

Cite as: First Author, Second Author, Third Author and Fourth Author (2026). Title of
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(a) Validation loss

(b) Accuracy vs. latency
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Figure 1. Analysis of the proposed method. (a) Validation loss as the training budget grows; the shaded band is +1 standard deviation
over five seeds. (b) Accuracy against inference latency; up and to the left is better. (c) Ablation: accuracy lost, relative to the full model,
when each component (A, B, C) or all of them (Base) is removed; error bars show the standard deviation. All data shown here are

synthetic placeholders.

Table 1. Placeholder results table. Bold marks the best result in each column. Replace the entries with real measurements.

Method

Metric AT Metric BT Latency (ms) | Params

Baseline —

Prior work
Ours

4.1 Ablations

Describe which components matter and by how much, and
refer to the table that supports each claim.

5 Discussion

Interpret the results, state the limitations honestly, and flag
threats to validity and known failure cases. Say what you
would do next.

6 Conclusion

Restate the contribution and its significance in two or three
sentences.
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